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INTISARI

Penelitian ini bertujuan untuk melakukan perbandingan pada algoritma
klasifikasi Machine Learning yaitu Multinomial Naive Bayes Classifier (MNB),
Support Vector Machine (SVM) dan Stacking Ensemble Learning dalam
melakukan sentimen analisis pada media sosial twitter terkait insiden
cryptocurrency crash yaitu UST dan Luna.

Data yang digunakan dalam penelitian ini adalah dataset sentimen yang
diambil dengan teknik scraping pada sosial media Twitter sebanyak 30806 data
tweet. Hasil pengujian menunjukkan bahwa model SVIM memiliki performa terbaik
dengan akurasi-90,3%, precision 90,6%, recall 88%, F1 score 95%, dan AUC
0,952. Di sisi lain, model MNB memiliki akurasi 81,7%, precision 79,7%, recall
80,8%, F1 score 88,7%, dan AUC 0,882. Sedangkan model Ensemble Learning
memiliki akurasi 86,9%, precision 85%, recall 86,2%, F1 score 91,8%, dan AUC
0,904.

Dari hasil tersebut dapat disimpulkan bahwa model SVM adalah metode
klasifikasi yang paling baik dalam melakukan klasifikasi pada data sentimen terkait
insiden cryptocurrency crash UST dan Luna.

Kata kunci: Sentimen analisis, Machine Learning, Support Vector Machine,

Multinomial Naive Bayes, Ensemble Learning.
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ABSTRACT

The study aims to compare machine learning classification algorithms such
as Multinomial Naive Bayes Classifier (MNB), Support Vector Machine (SVM) and
Stacking Ensemble Learning in conducting sentimental analysis on social media
twitter related to cryptocurrency crash incidents UST and Luna.

The data used in the study was a sentiment datasets taken with scraping
techniques on social media Twitter of 30806 tweets data. Test results showed that
the SVM model had the best performance with accuracy of 90.3%, precision of
90,6%, recall of 88%, F1 score of 95%, and AUC of 0.952. On the other hand, the
MNB model has an accuracy of 81.7%, precision of 79.7%, recall of 80.8%, F1
score of 88.7%, and AUC of 0.882. The Ensemble Learning model has accuracy of
86.9%, precision of 85%, recall 86.2%, F1 score of 91.8%, and AUC of 0.904.

From the results, it can be concluded that the SVM model is the best
classification method in conducting classification on sentimental data related to
cryptocurrency crash incidents UST and Luna

Keyword: Sentiment analysis, Machine Learning, Support Vector Machine,

Multinomial Naive Bayes, Ensemble Learning.
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