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INTISARI

Perkembangan teknologi tidak dapat dicegah dan dihindari setiap manusia.
Revolusi Industri 4.0 dimanfaatkan pelaku bisnis dan wirausaha dalam mendukung
sektor bisnis dalam migrasi tradisional ke teknologi digital untuk menjangkau pasar
yang luas. Teknologi informasi berkembang pesat salah satunya media sosial Instagram
mudahnya penggunaan dalam bertukar informasi dan saling mengikuti dapat
menyebabkan setiap pengguna dapat menjadi idola maupun selebriti bagi pengguna
lain. Popularitas memberi peluang dan berkolaborasi dengan suatu produk sebagai
strategi marketing.

Peneliti melakukan analisis sentimen terhadap influencer selebriti dan produk
merek ternama dengan metode Naive Bayes Classifier. Pengukuran model yang
dibantu metode Naive Bayes mengambil dari data komentar sejumlah unggahan
produk endorse yang serupa dari influencer sebagal dataset. Metode Naive Bayes
Classifier menghasilkan akurasi 77% presisi 78% recall 77% f1-score 77% dengan
rata-rata cross validation akurasi 73% presisi 71% recall 71% f1-score 71% k-5 iterasi.

Peneliti melakukan uji pada data apabila terdapat seimbang data menghasilkan
akurasi 86% presisi 86% recall 86% f1-score 86% dengan rata-rata cross validation
akurasi 87% presisi 88% recall 87% fl-score 87% k-5 iterasi. Sedangkan pada data
yang telah ditambah Unicode CLDR menghasilkan akurasi 74% presisi 77% recall
73% f1 score 73% dengan rata rata cross validation k-5 iterasi akurasi 73% presisi 75%
recal 72% f1 score 71% apabila data dibagi seimbang 1000 data accuracy 81%
precision 83% recall 81% f1 score 80 dengan K-fold 5 Iterasi rata-rata accuracy 77%
precision 79% recall 77% fl-score 76% . Data 1500 akurasi 82% presisi 84% recall
82% f1 score 82% dengan rata-rata cross validation k-5 akurasi 79% presisi 81% recall
79% f1 score 79%.

Kata Kunci : Analisis Sentimen, Endorsment Produk, Strategi Marketing Selebriti
Influencer, Naive Bayes Classifier, Instagram.
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ABSTRAK

Technological developments cannot be prevented and avoided by every human
being. The Industrial Revolution 4.0 is used by business people and entrepreneurs to
support the business sector in migrating from traditional to digital technology to reach
a broad market. Information technology is developing rapidly, one of which is
Instagram social media, the ease of use in exchanging information and following each
other can cause each user to become an idol or celebrity for other users. Popularity
provides opportunities and collaborates with a product as a marketing strategy.

Researchers conducted a sentiment analysis of celebrity influencers and well-
known brand products using the Naive Bayes Classifier method. The measurement
model assisted by the Naive Bayes method takes from the comment data a number of
uploads of similar endorsed products from influencers as a dataset.The Naive Bayes
Classifier method produces an accuracy of 77% precision 78% recall 77% fl-score
77% with an average cross validation accuracy of 73% precision 71% recall 71% f1-
score 71% k-5 iterations,

The researcher tests the data when there is balanced data yielding accuracy 86%
precision 86% recall 86% fl-score 86% with an average cross validation accuracy
87% precision 88% recall 87% f1-score 87% k-5 iterations. Whereas the data that has
been added to Unicode CLDR produces an accuracy of 74% precision 77% recall 73%
f1 score 73% with an average cross validation k-5 iterations accuracy 73% precision
75% recall 72% f1 score 71% if the data is divided equally 1000 data accuracy 81%
precision 83% recall 81% f1 score 80 with K-fold 5 Iterations average accuracy 77%
precision 79% recall 77% fl-score 76%. Data 1500 accuracy 82% precision 84%
recall 82% f1 score 82% with average cross validation k-5 accuracy 79% precision
81% recall 79% f1 score 79%.

Keywords : Sentiment Analysis, Product Endorsement, Celebrity Influencer
Marketing Strategy, Naive Bayes Classifier, Instagram.
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