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INTISARI

Ketidakseimbangan datn merupakan tantangan dolam pembelajaran mesin.
Masalah data yang tidak seimbang menyebabkan pengklasifikasi bias terhadap kelas
mayoritas dalam melakukan proses klasifikasi, sehingga hasil klasifikasi tidak dapat
dipercaya.

Fada penelitian im, metode SMOTE, ADASYN, dan Borderline-SMOTE
dumplemmmk.munmkmemngknﬂmnjumlﬂh sampel pada kelss minoritas, sehingea
kelas dalam keadaan yang seimbang, Kemy an.dn’myangdﬂnsilkmd:npms
oversampling dIgunaka:u untuk memban
adalah untuk meningkatkan k o Fm:st dengan menerupkan




ABSTRACT

Data imbafances are a challenge in machine fearning. The problem of imbalanced
data causes the claxsifier o be biased fowards the mafority class in carrving out the
classification process, so the classifioation results are not reliahie.

In this siwdy, the SMOTE, ADASYN, and Borderline-SMOTE methods were
implemented to increase the number af samples in the mirarity class, so that the classes
were in a balanced state. Then, the data gewerated from the oversampling process i wed
1o burilel the classification modef. The focus of thiv study ix to improve the elassification
perdformance af the Randam Foresi by appliine several oversampling methods o
imbalanced data and finding the hest awirs | miethod 1o deal with data imbalance
pmHm:.‘n'M‘u L st ol -
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ices Whe best classification pel it demunstrated by the
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